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Abstract. A technique for automated analysis of the blade surface for defects under UV light
is presented. The basis of control operations when inspecting blade surfaces is the use of machine
vision. The technique solves several key problems: obtaining a package of inspection images of
a complex profile object of inspection (an aircraft blade), determining the actual parameters
(sizes) of glows for single and group defects, generating expert recommendations (digital trace) for
determining the presence of defects on the inspected surfaces for the operator or automated systems.
An algorithm for processing images obtained from a video camera is presented, and approaches
to compensating for the shift of blades in a frame during inspection rotation are described. The
technique describes the following sequentially performed stages: shooting of the blade surface;
searching for glows in a two-dimensional image; converting two-dimensional coordinates of the
glows into three-dimensional ones; determining the actual parameters of the glows; determining
the position of the glows relative to each other; determining the degree of suitability of the blade
based on the obtained information about the glows.

Keywords: non-destructive testing, machine vision, technological process automation,
measurement systems, recommendation system

Citation: Alekseev E.A., Lomanov A.N., Ivanov D.S. A technique for automated analysis of the
blade surface for defects under UV light. Computing, Telecommunications and Control, 2025,
Vol. 18, No. 1, Pp. 36—47. DOI: 10.18721/JCSTCS.18103

© Alekseev E.A., Lomanov A.N., Ivanov D.S., 2025. Published by Peter the Great St. Petersburg Polytechnic University


https://orcid.org/0000-0001-9271-1552

4 Intelligent Systems and Technologies, Artificial Intelligence >

Hay4dHasa cTaTbs —(D@
DOI: https://doi.org/10.18721/]JCSTCS.18103 & T
YOK 681.5.08

METOAUKA ABTOMATU3ZUPOBAHHOIO AHAJIM3A
NMOBEPXHOCTHU NONATKHMN HA HAJIUYMUE
AEDEKTOB Mo Y®-CBETOM

E.A. AnekceeB' © , A.H. JlomaHoB? ® , [4.C. NBaHOGB'

1 NAO «OAK-CatypH», PbiBUHCK, Poccuiickana deaepauus;
2 PbIBMHCKMIA TOCYAaPCTBEHHbIA aBUaLMOHHbIM TEXHUYECKUA YHUBEPCUTET
umeHun M.A. ConoBbeBa, PbibMHCK, Poccuitickaa Peaepaums

= evgeny.alekseev@uec-saturn.ru

Annoramus. [IpencrasicHa MeTOIMKa aBTOMAaTU3UPOBAHHOTO aHAIM3a MTOBEPXHOCTH JIOaT-
K1 Ha Hajnmare aedekToB mox YD-cBeToM. B 0CHOBE KOHTPOJIBHBIX OTIepaliii IIPU OCMOTPE IO~
BEpPXHOCTE1 JIONMATKHU JIEKUT MCITOJIb30BaHNE MAIIMHHOTO 3peHUs. MeToanKa peliaeT HeCKOJIb-
KO KJIIOYEBBIX 3a[a4: IMOJyYeHME IMaKeTa MHCIIEKLIMOHHBIX M300pakeHUI CII0KHO ITPOMUIHLHOIO
00BEKT KOHTPOJISI (aBUALIMOHHOM JIOMATKM), OIpeaecHIue peaJbHbIX IMapaMeTpoB (pa3MepoB)
CBEUECHMIA ISl €AMHUYHBIX U TPYMIIOBBIX 1e(heKTOB, (GOopMUPOBaHME DKCIIEPTHBIX PEKOMEHaa-
i (IrdpoBOTOo ciiefa) Mo ONpeaesIeHUI0 HATNIUS 1e(eKTOB Ha MHCIIEKTUPYEMBIX ITOBEPXHO-
CTSIX IUIST OTlepaTopa WM aBTOMAaTU3MPOBAHHEIX cucTeM. [IpuBefieH aIropuT™M 00pabOTKI M30-
OpaxkeHusl, MOJy4aeMOro ¢ BUAEOKAMEPbI, OIIMCAHBI ITOAXOAbI I10 KOMIIEHCALIMU CABKMIA JIOIIATOK
B KaJipe IpY MHCIIEKIIMOHHOM BpallleHUK. MeToArKa OIUCHIBAET CJSAYIOLIME ITOCIeI0BaTEIbHO
BBIMOJIHSIEMbIE 3TAIlbl: CheMKa IIOBEPXHOCTH JIOMATKU, [IOMCK CBEYCHUI Ha ABYMEPHOM U300pa-
JKeHUU, TIpeodpa3oBaHre IBYMEPHBIX KOOPAMHAT CBEUCHUI B TpeXMEpHbIE, ONpeAeIeHUE pe-
aJIbHBIX TTapaMETPOB CBEUCHUI, OTIpeeICHIE TTOJIOKEHMS CBEUYCHUI IPYT OTHOCUTEIBHO ApyTa,
oIpeaeicHNe CTEIIEHU TOTHOCTH JIOTIATKU TT0 ITOJIYYeHHON MH(POPMALIUK O CBEUCHMUSIX.

KoueBbie c10Ba: Hepa3pylamni KOHTPOJIb, MAIIMHHOE 3peHUE, aBTOMATU3alIMsI TEXHOJIOTH -
YeCKMX IPOLIECCOB, CUCTEMbI U3MEPEHHsI, peKOMeHJaTebHasl cucTeMa
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Introduction

In the aviation industry, methods that help detect surface material discontinuities are widely used dur-
ing inspection [1, 2—6]. One of them is the capillary method, a non-destructive testing technique [7]. The
fluorescent penetrant inspection, being a subtype of this method, exhibits a high sensitivity to the size of
defects [8]. The main feature of this type of inspection is filling the surface discontinuities in the material of
objects under inspection with fluorescent liquid that has high penetration capability, followed by recording
the obtained readings under UV light at the place of the defect visually or using optical devices' [9, 10].

The manual implementation of this method, i.e. without the use of automated systems, has a number
of disadvantages. The main ones are the following:

* low operating speed (approximately 1 blade per 3 minutes);

* impossibility of performing inspections in the evening and at night due to the reduced attention of
flaw detector operators, which significantly reduces the amount of manufactured products.

In order to address the problem of blade surface analysis in this article, a multi-step approach is pro-
posed, which includes the following:

» shooting of the blade surface;

! Literature and journals on capillary testing, Available: https://ndt-testing.ru/literature.html (Accessed: 18.12.2024)
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+ searching for indications in a two-dimensional (2D) image;

» converting 2D coordinates of indications into three-dimensional (3D) ones;

» determining the actual parameters of indications;

+ determining the position of indications relative to each other;

» determining the degree of suitability of the blade based on the obtained information about the
indications.

The defects detected by fluorescent penetrant inspection are very small (from 300 pum) and barely
visible, but under UV light they become clearly visible and contrast strongly with the blade surface?.
Since the defects produce fluorescence in the visible range, for the needs of this article a camera with
a CMOS matrix for high-resolution color images was used to detect the defects. The blade should be
photographed from different angles to cover its entire surface, for this reason, a device for rotating the
blade was used.

Problem formulation and method of solution

When determining the actual shape of indications on the blade surface, the method of converting 2D
coordinates of indications into 3D ones, is used. In order to implement this method, the obtained image
was compared with the reference image, where each pixel is characterized by its own 3D coordinates on
the blade surface [11, 12, 13]. Once all the characteristics of indications were identified, they were clas-
sified and the degree of suitability of the blade was determined according to the developed algorithms.

There are many methods for determining the size of objects in an image [14—20]. The main task of
all these methods is to identify coordinates of the points of measured objects in 3D space.

The most common methods are based on stereoscopic vision [21—25]. It works like the human eye.
The control point, the coordinates of which must be determined, will be in different positions in each
camera thereby enabling the system to calculate the position of that point in space. The main advantage
of this method are its relative cheapness, a large number of implementations, and the fact that systems
using this method can immediately capture high-resolution images (e.g., for data storage). The main
disadvantage of this method is that it is necessary to search for pixels representing the same point in two
images in order to determine the coordinates of the desired point. If the object being photographed has
a monotonous surface, then this search is performed inaccurately, resulting in frequent errors. In this
case, an analysis of the blade surface, which is monotonous — gray, would be required. Therefore, this
method should not be used in this situation.

In addition to stereoscopic vision, time-of-flight (TOF) cameras can be used [26—29]. The camera
illuminates the scene with a modulated light source and observes the reflected light. The phase shift
between emission and reflection is then measured and converted into distance. As a result of shooting,
the camera provides a distance image for each object. The distances between the desired points can be
calculated from the image data. The disadvantage of such cameras is that they do not provide a color
image where the defects themselves need to be identified. Therefore, this method requires an addition-
al camera that can capture a colored image of the blade, which is necessary for comparison with the
distance image. Furthermore, this method has a relatively low accuracy. The most expensive camera
options allow achieving an accuracy of up to 5 mm.

In order to solve the problem, a method is used that, using one camera and a 3D model of an object,
will allow determining the size of defects located on its surface [25]. As part of this research of the meth-
od for searching the blade surface indications, several problems were solved.

The first problem that needs to be solved to determine the size and position of the indications is
finding them in the image. For this purpose, the next obtained image of the blade undergoes multistage
processing, namely:

» compensation for the blade shift in the frame;

2 Literature and journals on capillary testing, Available: https://ndt-testing.ru/literature.html (Accessed: 18.12.2024)
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Fig. 1. Result of the blade shift algorithm in the frame:
a) silhouette of the blade before shift relative to the standard;
b) silhouette of the blade after shift relative to the standard

-

1

 application of filters that highlight the indication.

First, we determine whether the blade in the frame is shifted relative to the specified position. To do
this, its boundaries are calculated using the Canny operator, and then their shift relative to the reference
position obtained during the preparation stage is calculated. If the blade in the image is shifted, then it is
aligned using affine transformations. If a very large shift is required (more than 2 mm in any direction),
then the transformation is not performed, because it may reduce the image detail. The result of the blade
shift algorithm in the frame is shown in Fig. 1.

Once the required position has been determined, filters are sequentially applied to the image to high-
light the indications, as follows:

» Gaussian blur is applied to suppress noise that may occur due to the use of a color image;

» HSYV transformation plus filtering is applied to transform the color palette of a BGR image into
HSYV; a color threshold filter leaves only those areas that are green;

 threshold filter that enables only bright indications, cutting off the dim ones according to the
threshold value;

* morphological transformations (erode and dilate) are used to suppress very small indications
(noise), that do not require consideration during analysis;

* clustering plus filtering for clustering of indications using DBSCAN algorithm, determination of
median brightness of clusters, filtering by threshold value of median brightness.

After applying the described filters to the image, only the areas with indications remain on it. The
indication areas themselves represent an array of pixel coordinates painted white. These areas should be
saved and then processed using an algorithm for determining the indication size and position. The result
of indication filtering on the image is shown in Fig. 2.

The main problem in determining the size of the indications is that they are located on the surfaces
with intricate shape. Each indication in the image is represented by an array of pixels. The size of each
array can be calculated, but the values will be obtained in pixels, which do not directly correlate with
actual values, for example, millimeters. In addition, all indications are on a curved surface, and the
resulting image is 2D, which means that the indications are flat, which does not allow to capture their
actual shape. This means that it is practically impossible to calculate the real size and shape of each
indication with high accuracy.

In order to solve the problem, image correlation maps are used in the process. For each obtained image,
a prepared data set is generated in advance, enabling to correlate each pixel of the image to a point on the
blade in 3D space.
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a) b)

Fig. 2. Result of indication filtering in the image:
a) image before filtering; b) image after filtering

For the process of generating correlation maps, the developed program was used, which is based on
the OpenGL specification for simplifying the execution of operations in 3D space. The PyOpenGL library
is used to implement this specification.

In order to generate an image correlation map for an image, the following steps must be performed:

» 3D pre-zoned model of the blade is loaded into the developed program (the zones are necessary
for further analysis);

* 3D scene with the loaded blade model is displayed;

* the camera is positioned in such a manner that the view from the actual image matches that in the
scene;

» compilation of a map is launched, which relates the coordinates of each pixel and their coordi-
nates in 3D space.

Thus, image correlation maps are prepared for each position of the blade shooting. This completes
the preparatory stage of the work, after which it is possible to launch the algorithm for determining the
size of the indications.

The result of this algorithm is an array of indication parameters, namely:

* indication length, mm;

* indication width, mm;

* mean normal vector of indications;

» center of mass of indications;

* blade’s number of the zone (or zones) containing an indication;

+ distance from the center of mass to its farthest point (radius of the inscribed circle);

+ angle between the camera normal and the surface normal (for further calculation of the distance
between the indications and duplicates removal);

» coordinates of the square inscribed in the indication in the original image (for further displaying
of data to NDT operator).

Specially prepared image correlation maps are used to transform 2D coordinates of indications into
3D ones.

The block diagram of the algorithm of indication parameters identification method is presented in
Fig. 3.
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Fig. 3. Algorithm of indication parameters identification method

During digital processing of indication parameters, five main points of the algorithm are consistently
implemented:

1) image preprocessing;

2) masking the image;

3) transformation of 2D indications into 3D ones;

4) clustering of indications;

5) processing of all clusters.

Explanation of each point is given below.

1. The input to the algorithm is a monochromatic image comprising of white areas that serve as in-
dications. In the image, the blade does not take up the entire area, so the area with the blade is cut out.
The square area with the blade is cut out to optimize speed and memory space.

2. Ifindications on the background of the blade were detected (a penetrant drop on the background),
they will be ignored. For this purpose, the area obtained in the first step is multiplied by the mask, which
is the silhouette of the blade. Thus, only those indications remain that are located on the blade.

3. 2D coordinates of indications are converted into 3D ones according to the prepared image cor-
relation maps.
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Fig. 4. Algorithm for determining the size and position of indications in space in graphical form:
a) original image; b) result of the algorithm for searching for image indications;
¢) result of clustering of defects in 3D space

4. Clustering of indications is performed using DBSCAN algorithm in 2D and 3D space. In 2D
space, it is performed in order to merge nearby pixels into one cluster (assumed indication), and then in
3D space — to determine the actual indications and to isolate them.

For 2D clustering, the following parameters are used:

* eps (maximum distance between points to form a cluster). The used distance value \/5 *1,05 is
chosen empirically (with the minimum distance between pixels and a slightly greater distance to accom-
modate diagonal ones, but not to include pixels through which the diagonal passes).

* min_sample (minimum number of points to form a cluster). The smallest cluster can consist of 1
point. This number was chosen empirically, based on the fact that very small defects need to be detected.

For 3D clustering, the following parameters are used:

» eps — value 1 is used as a distance, which corresponds to 1 mm;

* min_sample — the smallest cluster can consist of 1 point.

The result of the first four points of the algorithm is shown in Fig. 4.

Next, the largest section of a 3D cluster (if any) is selected from each 2D cluster. That is, if several
indications have merged into one, they will be divided into several clusters in 3D representation, from
which the one with the largest number of points will be selected.

5. For all clusters that are periodically processed in the analysis phase, a series of computational
procedures is performed.

5.1. Computation of cluster parameters:

 calculation of actual 3D coordinates (clustering taken into account);

 calculation of the center of indications in 3D space (center of mass);

 calculation of coordinates of the extreme point of indications from its center of mass;

 identification of the zone (or zones) on the blade where the indication is found;

 calculation of the normal vector of each point of indications, and calculation of the mean normal
vector of indications;
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¢) d)

Fig. 5. Visualization of the algorithm for determining the indication length:
a) points forming one cluster (indication); b) result of simplification of the indication contour;
¢) result of skeletonization of indications; d) maximum path that forms the length of indications

 calculation of the angle between the mean normal vector of indications and the normal vector of
the camera.

5.2. Next, the geometric dimensions of the indications are calculated:

* indication is represented by a single pixel, its size is considered as the minimum distance to the
adjacent pixel. For this purpose, the closest pixel in 3D space is selected from four adjacent pixels;

+ if an indication is represented by more than one pixel, its set of points (a list of pixel coordinates)
is converted into a binary matrix (image), “cleaned” from various image defects (noise, etc.) using mor-
phological operations. After “cleaning”, the indications contour is determined and simplified by using an
approximating function that reduces the number of isolated indication contours (segments) by 25 times.
The coefficient is calculated empirically;

+ area and perimeter of the contour (original, not simplified) are calculated;

+ simplified contour is re-filled, and then skeletonized, which causes the edges of the binary matrix
to erode until only the center lines remain. In some figures, such as a circle, the skeletonizing may leave
no points, in which case the point is set at the center;

+ the skeleton is processed — the indication skeleton is optimized by excluding all unnecessary
points from it;

+ skeleton is broken into segments (edges) at the junctions of several branches. The obtained edges
are processed, their endpoints and lengths are calculated, deleted points are restored in case of indica-
tions skeleton ruptures;

+ if, asaresult, there is one segment left, that segment is checked to see if it is a closed one. If so, the
segment length is used as the length. If the segment is not a closed one, then the distance to the contour
is added to its length. In both cases, the width is calculated as the area divided by the resulting length;

+ if segments are more than one, the matrix of distances between the vertices of segments is cal-
culated, the longest path from which the length of indications is calculated as the sum of lengths of all
segments of the path. Then proceed similarly to previous action.

Fig. 5 provides a visualization of the algorithm for determining the indication length.

All the calculated parameters for each of the indications are stored in one array.

Analysis of the results

When testing the algorithm for determining the size of the defects, it was found that it works best when
the surface is inspected perpendicular to the surface. The closer the inspection angle (the smallest angle
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a) b) ¢)

Fig. 6. Blind spots on the blade: a) 2™ stage; b) 3" stage; c) 4™ stage

between the surface plane and the beam from the camera to a point on the surface under inspection) is to
90°, the more accurate are the results. Accordingly, the farther away you go, the less accurate it becomes.
This is because the shape of the indications and the surface to be captured are severely deformed when
captured at an acute angle. This causes the area of both the surface and the indications in the image to
change. This means that the indication starts to occupy a larger area, and therefore its size is calculated
incorrectly. In terms of the algorithm, the problem is that when a surface is taken at a right angle, one pixel
in the image falls into only one or two polygons on the 3D model, which is used to calculate the size. The
smaller the angle of the inspection, the more polygons one pixel starts to occupy, so its size also increases.
In this article, areas that cannot be captured at an angle or close to 90°, are called “blind”.

In order to avoid blind spots on the surface of the item under inspection, the following solutions are
possible:

 adjust the capture positions so that all surfaces of interest are captured at right angles;

* increase the camera resolution and the number of polygons of the model;

« if possible, inspect hard-to-reach areas of the part separately from the part (e.g. before they are
welded together).

An example of difficult to capture zones, as well as “blind” zones, should be given with reference to
the blades analyzed in this article. Fig. 6 shows the most difficult areas to inspect, with 2.4.5a showing
the 2" stage, 2.4.5b showing the 3™ stage, and 2.4.5¢ showing the 4" stage.

The lowest part of the lock (highlighted in red) has a rounded shape and, therefore, its base cannot
be captured at a right angle with a single shot. Based on visual analysis of the images, it was concluded
that if the number of capture positions is increased, the entire area with the correct viewing angle will
be captured.

The hooks on both sides of the lock are the most difficult to capture. The entire outer part of the
hooks is captured by the system without any problems (green and dark-blue areas). Inspection of the
inner surface of the hooks is particularly difficult.

The lower part (yellow area) is examined in the photo in its entirety, but its viewing angle goes further
than 90°, so its measurements are less accurate.

At the inner wall (pink area), the entire area cannot be inspected at right angle, since the lock parts
obstruct the view. This surface can only be viewed at an angle of approximately 28° (calculated from 3D
model of the blade). This angle is very small to ensure accurate measurements.

Conclusion

When analyzing the blade surface it was found that defects can be detected, classified and sized on
98% of the surface area using machine vision. In the yellow and pink areas, defects are visible, but it is
difficult to classify and size defects using automated methods, because the 90° viewing angle cannot be
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maintained according to the procedure. The probability of defects in these zones has not been assessed,
however, according to the consultation with the NDT operators, defects in the yellow and pink zones are
detected not more than once per 100—200 defective blades. The size of defects is determined visually by
the NDT operator, referring to the standard.

Based on the analysis we can conclude that it is possible to use machine vision based automated con-
trol means to identify defects under UV light. Sizing of defects from 100 microns is possible. The prob-
lem of impossibility of sizing the defects in “blind” spots can be solved by rejection of parts containing
any detected indications.
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